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Introduction

Introduction

• QuaPy is a Python-based, open-source software library for quantification

• Installation:
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GitHub repository

• QuaPy v0.1.8 available at https://github.com/HLT-ISTI/QuaPy
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GitHub repository: Examples
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Online API documentation
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Online API documentation

6 / 24



Introduction

Online Wiki
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Online Wiki
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Online Wiki
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Features

• The most important features of QuaPy include:
• QuaPy provides implementations of many methods (basic and advanced)

implementing the same interface
• QuaPy implements standard evaluation protocols
• Provides implementations of the most important evaluation metrics
• Access to many popular datasets for quantification
• QuaPy provides native support to multiclass quantification
• Automatic optimization of hyperparameters (model selection)
• Visualization tools
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Example: binary quantification
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Example: multiclass quantification
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Evaluation Protocols

• QuaPy implements most important evaluation protocols (example: APP)
• Results can be stored as a pandas’ dataframe
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Model Selection
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Comparing different models: Plots
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Comparing different models: Plots
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Comparing different models: Plots
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Full Example: T1A@LeQua
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Full Example: T1A@LeQua
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Full Example: Output

[GridSearchQ:PCA_LR]: hyperparams={’C’: 1, ’n_components’: 50} got mrae score 2.24224 [took 7.7348s]
[GridSearchQ:PCA_LR]: hyperparams={’C’: 0.1, ’n_components’: 50} got mrae score 2.26135 [took 7.8331s]
[GridSearchQ:PCA_LR]: hyperparams={’C’: 10, ’n_components’: 50} got mrae score 2.26711 [took 7.8997s]
[GridSearchQ:PCA_LR]: hyperparams={’C’: 1, ’n_components’: 100} got mrae score 1.97783 [took 7.9226s]
[GridSearchQ:PCA_LR]: hyperparams={’C’: 10, ’n_components’: 100} got mrae score 1.97374 [took 7.9275s]
[GridSearchQ:PCA_LR]: hyperparams={’C’: 0.1, ’n_components’: 100} got mrae score 1.99763 [took 7.9820s]
[GridSearchQ:PCA_LR]: optimization finished: best params {’C’: 10, ’n_components’: 100} (score=1.97374)
[took 9.4701s]

predicting: 5000it [01:00, 82.73it/s]
true-prev estim-prev mae mrae

0 [0.308, 0.692] [0.216, 0.784] 0.092 0.214670
1 [0.896, 0.104] [0.576, 0.424] 0.320 1.687608
2 [0.848, 0.152] [0.456, 0.544] 0.392 1.503316
3 [0.016, 0.984] [0.088, 0.912] 0.072 2.036511
4 [0.728, 0.272] [0.488, 0.512] 0.240 0.602340
... ... ... ... ...
4995 [0.720, 0.280] [0.416, 0.584] 0.304 0.749533
4996 [0.868, 0.132] [0.508, 0.492] 0.360 1.550180
4997 [0.292, 0.708] [0.216, 0.784] 0.076 0.182773
4998 [0.240, 0.760] [0.184, 0.816] 0.056 0.152448
4999 [0.948, 0.052] [0.604, 0.396] 0.344 3.366238

[5000 rows x 4 columns]
Averaged values:
mae 0.189446
mrae 1.686049
dtype: float64
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Wrapping up

• QuaPy is a Python-based open-source tool that supports research and development in
quantification

• Automates typical tasks of the quantification workflow

• A rich suite of methods, datasets, and protocols available

• Fully documented

Alejandro Moreo
alejandro.moreo@isti.cnr.it

https://github.com/HLT-ISTI/QuaPy
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